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Methodology

Unit of Analysis: Census Block Groups (Santa Clara County)

Data Sources: American Community Survey (ACS), USGS Landsat (Land Surface Temperature),
National Land Cover Database (Tree Canopy & Impervious Surface), CalEnviroScreen 5.0, EPA Air

Introduction

Santa Clara County is widely recognized for its
economic prosperity, yet stark socioeconomic and
environmental disparities persist across
neighborhoods. Low-income, immigrant, and
historically marginalized communities, particularly in
East San José and South County, face
disproportionate exposure to extreme heat, air

Analysis
The spatial pattern of vulnerability reflects
historic patterns of segregation,

disinvestment, and uneven infrastructure

Quality Data, and Cal-Adapt Climate Projections
development.

Steps: (1) Collect & harmonize block group data, (2) Standardize variables (z-scores), (3) Conduct PCA
to identify dominant vulnerabillity patterns, (4) Construct SoVI composite score, (5) Map hotspots in
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'_ climate vulnerability. 1) Vulnerability is spatially concentrated.

2) Heat exposure overlaps with socioeconomic
disadvantage.

3)Adaptive capacity (cooling access, greening,
nfrastructure) significantly reduces risk.

Policy Implications:

- Target greening and cooling infrastructure
iInvestments in high-priority block groups

- Expand culturally informed outreach for
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October 2024 Heat wave in which Santa Clara County saw
temperatures above 100 degrees Fahrenheit for 4 consecutive days.
The right panel map shows the block groups that were rated as
most vulnerable all 3 of our PCA Model runs
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